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orbis.ai co-founder

Data Scientist (Al & HCI Research)

-Speech Emotion analysis

-Cognitive Science

-HCI & UX Research

-Growth hacking (data driven marketing, customer data analysis)

Education:
-M.S Human-Computer Interaction & Robotics, brain engineering
-B.S Life Science, Computer Science
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ABSTRACT:

0.%8.36% (21.15")

Recently haptic dial interface have been used in
is highlighted in marketplace. Thus, we developed !
dial-torque amplitude and rotary frequency ratio to be
hatpic dial system. In this usability test, we calcule
during haptic dial movement. The result of usabilit
frequency between men and women was insignific S -
found preferred amplitude and rotary frequency rati
amplitude and rotary frequency ratio in the dial int
study to apply satisfactory dial interface system to ap
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Input
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Surprise
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ACTIVATION
Fear terror aroused
agitated
" 5 disturbed amused
o Anger restiessness pain proud
e / affiction Happiness
Hidden 1 § 7 ()= [a1....am] ; confused confident
i ' Disgust contempt nervous )
: OO000000 i ———
Feature extraction :V ____________________ ’[ UNPLEASANT PLEASANT
(Sparse auto-encoder \ ‘ miserable contented
Y e guilt comforted
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besosdscsshosabosans bored relaxed
(a) lethargic calm

DEACTIVATION

:‘7—]’ la 31 161 Emotion Logistic
model regression
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High/low arousal  High/low valence

(b)
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1) Respiration-based emotion recognition with deep learning
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QA 1) A breakthrough in Speech emotion recognition using Deep Retinal Convolution Neural Networks

2) Speech Emotion Recognition from Spectrograms with Deep Convolutional Neural Network
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742 218 A AFFECTIVE COMPUTING ENGINE
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Interaction Engine

Emotion

Input  ——  Detection to Emotion to
, Expression
Model Emotion
Model
Model
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